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ABSTRACT 

 
Artificial Intelligence (AI) has turned into one of the most profound digital marketing disruptors that allowed 

companies to provide highly personalized and data-informed consumer experiences. Conventional marketing 

strategies that are mainly rooted on the demographic segmentation framework are becoming insufficient in 

order to capture the complexity of the new consumer behavior. But the opposite, AI-based personalization 

relies on machine learning algorithms, predictive analytics, and real-time data processing to know and predict 

individual consumer preferences (Davenport et al., 2020; Huang and Rust, 2021). 
 

The proposed study is aimed at developing a new conceptual framework that combines AI technologies, 

behavioral, and psychological elements to become a better predictor of consumer behavior. The model is a 

strong framework of enhancing engagement with customers, their intention to purchase a product and their 

brand loyalty by integrating the data collection system, intelligent processing engines and adaptive 
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personalization engines. The study will use a systematic literature review method in establishing major 

variables and associations between AI and personalization in digital marketing (Wedel and Kannan, 2016). 

 

The results indicate that AI-based personalization is extremely effective in marketing by providing a platform 

to respond to customer needs and points in real-time and dynamically. Nevertheless, the data privacy issues, 

ethical issues, and algorithmic bias also present a challenge that is of utmost importance (Martin and Murphy, 

2017). The study can fill the gap in the literature, as it can help fill a gap between predictive analytics and 

consumer psychology, including theoretical considerations and practical implications as a marketer and 

researcher. 

 

Keywords: Artificial Intelligence (AI); Digital Marketing; Personalization; Consumer Behavior; 

Predictive Analytics; Machine Learning; Big Data Analytics; Customer Engagement; Recommendation 

Systems; Behavioral Targeting; Data Privacy; Marketing Automation 

 

1. Introduction 

 

The digital revolution has completely changed the manner a business communicates with 

consumers, moving the marketing process towards the mass communication to a highly 

personalized and targeted one. As the quantity and magnitude of online platforms, social 

media, and e-commerce keep growing exponentially, consumers produce massive volumes 

of data, as a result of their virtual interaction. The richness of this data has provided new 

possibilities to the marketer to know more about the preferences of the customers and the 

ability to forecast the future behavior. Nevertheless, the old-fashioned methods of 

marketing, based on the heavy reliance on the concept of demographic segmentation and 

fixed methods, are proving less than adequate in tackling the dynamism and complexity of 

the modern consumer behavior (Chaffey, 2022). 

 

The AI was introduced as one of the essential elements that helped to address these 

limitations and enabled enhanced data analysis, automation, and real-time decision-

making. The concept of AI-driven personalization includes machine learning algorithms, 

natural language processing as well as predictive analytics aimed at providing customized 

content, recommendations, and experiences to each user. Unlike traditional approaches, AI 

systems are able to continually learn as interaction with users (adjust to shifting tastes), and 

deliver marketer messaging that is very relevant and at the right moment and place (Huang 

& Rust, 2021). 

 

The effects of the current trend of focusing even more on personalization can be observed 

in terms of their impacts on consumer interaction as well as commercial success. The 

studies indicate that the individualized marketing strategy results in a significantly higher 

customer satisfaction and resulting conversion rates and their long-term loyalty to the brand 

(Bleier and Eisenbeiss, 2015). The examples of companies that have ever applied AI 

technologies successfully in order to provide its users with individual recommendations 
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include e-commerce web platforms and streaming services, and those approaches have 

influenced the consumer decision-making process and improved the user experience. 

 

To a certain extent even in the framework of such development, some issues remain to be 

severe as far as consolidating AI-sufficient individualization and the general understanding 

of the consumer habits. The models in existence tend to be more concerned with 

technological capabilities and less concerned with psychological, contextual and emotional 

elements that make the consumer take a decision. More importantly, the question of privacy 

of the data, the ethical manner of utilizing consumer data, as well as the transparency of 

the algorithm, is quite acute as far as the responsible use of AI in marketing is concerned 

(Martin and Murphy, 2017). 

 

In this case, the present research article aims at developing the novel conceptual model of 

consumer behavior prediction with the help of the AI personalization. The suggested 

research contributes to the sphere of knowledge since it integrates machine learning models 

with behavioral theory, which allows introducing a balanced framework that improves the 

precision of prediction and strategic marketing performance. This study can be valuable to 

the bodies of academic research because it addresses the gap between technology-driven 

analytics and consumer psychology as well as provide guidance that can be utilized by 

organizations that would like to use AI to gain a competitive edge in the digital 

marketplace. 

 

2. Literature Review 

 

The rapidness of implementing Artificial Intelligence (AI) in digital marketing has brought 

massive scholarly and business interest. The current body of knowledge emphasizes the 

transformative aspect of adopting AI as a tool to enhance data-driven decision-making, 

make the decisions more personalized, and the forecasts of consumer behavior more 

accurate. In this section, they overview the essential contributions in four key aspects; AI 

in marketing, personalization, predictive analytics, and research gaps. 

 

Artificial Intelligence in Digital Marketing 

 

Artificial Intelligence is now the foundation of the new digital-based marketing, with the 

ability to automate the process, optimize it, and make smart decisions. The machine 

learning (ML), natural language processing (NLP), and deep learning (AI) technologies 

can enable marketers to manipulate large amounts of structured and unstructured data to 

accurately analyze it. 

 



 

 

85 

Vol 15 Issue 1 

Davenport et al. (2020) cite that AI improves the marketing processes through the 

generation of real-time customer insights, generation of marketing content and targeting 

better. Likewise, Huang and Rust (2021) also stress that AI increases operational efficiency 

along with human decision-making, thereby making it predictive and prescriptive. 

 

Interactions within the digital marketing space in use through AI are chatbots, 

recommendation systems, sentiment analysis, and programmatic advertising, which are all 

related to creating a more individual and interactive consumer experience. 

 

Personalization and Consumer Engagement 

 

Customization is one of the main facilitators of consumer interaction online. It entails 

customizing the marketing messages, products and services to the specific preferences of 

the consumers according to information. 

 

Bleier and Eisenbeiss (2015) prove that individualized online advertisement contributes 

greatly to consumer reactions, especially, when the relevance and timing are improved. 

Individual data to customer raises customer satisfaction and brings more intimate 

associations to brands. 

 

Furthermore, new customers desire to have one-on-one experiences in the virtual 

touchpoints. AI-based personalization is a continuation of simple customization since, 

through constant learning by user behaviour, the content is dynamically adapted, which 

improves user experience and their level of engagement. 

 

Predictive Analytics and Consumer Behaviour 

 

Predictive analytics is also highly important in predicting and explaining consumer 

behaviour. Predictive models are able to predict the future actions based on historical data 

and complex algorithms, thereby detecting the patterns. 

 

Wedel and Kannan (2016) emphasize that marketing analytics has been developed 

tremendously in data-intensive contexts, through which companies can forecast purchase 

motive, client lifetime value, and churn rates at a high precision. Rather popular machine 

learning models used in this case are decision trees, neural networks and clustering 

methods. 

 

Additionally, predictive analytics also evaluates active marketing initiatives by enabling 

the organizations to provide the right message to the right customer at the right moment 

thus enhancing the rate of conversion and efficiency in marketing. 
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Integration of AI and Consumer Psychology 

 

However, predictive ability has become better due to advancements in technology, but 

there is a need to consider the psychology of consumers. Perception, motivation, attitudes, 

and trust are among the factors, which play a significant role in making a decision. 

 

The existing sources indicate that a combination of behavioural theories and AI models 

would help to improve the accuracy of predictions. Most of the available literature however 

focuses on the technological and psychological facets separately hence being ineffective in 

terms of their ability to render the consumer behaviour as complex as it is. 

 

Research Gap 

 

Despite extensive research on AI, personalization, and predictive analytics, several gaps 

remain: 

• Lack of integrated frameworks combining AI technologies with behavioural 

theories 

• Limited focus on real-time adaptive personalization models 

• Insufficient consideration of ethical issues such as data privacy and algorithmic bias 

 

The paper fills these gaps by introducing an extensive AI-facilitated personalization 

framework whereby both the technological and psychological aspects are integrated 

accordingly in enhancing consumer behaviour forecasting. 

 

3. Research Methodology 

 

The paper is based on a conceptual and qualitative approach research method in order to 

create an integrated model of AI-driven personalization to predict consumer behaviour. 

Since the research was exploratory in nature, the methodology centres on the synthesis of 

existing knowledge and not on the primary empirical analysis. 

 

Research Design 

 

The study adheres to the conceptual framework design, which is supposed to combine the 

understanding of Artificial Intelligence, theories of digital marketing, and consumer 

behaviour. The method is appropriate in finding the relations between the variables and 

suggesting a new theory. (Jaakkola, 2020). 
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The study emphasizes: 

 

• Theory building 

• Model development 

• Interdisciplinary integration 

 

Data Sources 

 

The research relies on secondary data collected from credible and scholarly sources, 

including: 

 

• Then peer-reviewed journals (e.g., Journal of Marketing, Journal of the Academy 

of Marketing Science). 

• There are academic books and conference proceedings. 

• Reports by major consulting companies in the industry. 

• Good Internet databases like Scopus, Web of science and Google Scholar 

 

The sources are informative and offer extensive information about the use of AI, and the 

strategy of personalization and consumer behaviour patterns. 

 

Literature Selection Criteria 

 

A systematic approach was used to select relevant literature. The inclusion criteria were: 

 

• Publications from 2010 to 2024 to ensure contemporary relevance 

• Studies focusing on AI in marketing, personalization, and predictive analytics 

• Articles with significant citation impact and methodological rigor 

 

Artificial Intelligence, Digital Marketing, Consumer Behaviour Prediction, Machine 

Learning, and Personalization were some keywords that were utilized when searching. 

 

Analytical Approach 

 

The methodology used in the study is thematic analysis and it is used in order to find out 

the common patterns and relationships within the literature. The analysis involves: 

 

• Grouping of studies according to the specific topic (AI, personalization, prediction, 

psychology) 

• Existing model and framework comparison. 

• Profiling of important variables and constructs. 
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• Synthesis of findings into together conceptual model. 

 

This structured approach ensures clarity and consistency in developing the proposed 

framework. 

 

Model Development Procedure 

 

The conceptual model was developed through the following steps: 

 

• The identification of the essential elements based on the existing literature. 

• Combination of technology (AI-driven analytics) and behavioural (consumer 

psychology) aspects. 

• Organization of relationships between input data, processing and results of 

behaviour. 

• Checks in consistency with logical consistency and consistency with existing 

literature. 

 

Reliability and Validity 

 

To ensure the reliability and validity of the research: 

 

• Only peer-reviewed and high-quality sources were included 

• Multiple studies were cross-referenced to avoid bias 

• Established theories and widely accepted models were incorporated 

 

The measures make the study conceptual but strong and credible in terms of findings. 

 

Limitations of Methodology 

 

It is the main weakness of this methodology as it has not been empirically validated. As 

the research is grounded on the secondary data and theoretical synthesis the proposed 

model will have to be tested in the future with the help of an actual proposal to use real-

life data and quantitative methods. 

 

4. Proposed Model: AI-Driven Personalization Framework 

 

The research also suggests the proposal of an Advanced AI-AI Personalization Framework 

that would have been designed to forecast consumer behaviour through a combination of 

excellent analytics and behavioural insights. The model handles the shortcomings of the 
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conventional marketing strategies by integrating information processing in real-time, 

machine learning capabilities, and psychology to create an integrated system. 

 

This model is made up of five layers that interact with one another and each layer is very 

critical in the transformation of raw data to actionable marketing intelligence. 

 

Data Collection Layer 

 

The model is entirely based on the system collection of multi-source consumer data. This 

involves both structured and unstructured data, which is collected on different digital 

touchpoints: 

 

• Browsing history and clickstream data 

• Purchase transactions and payment behaviour 

• Social media interactions (likes, shares, comments) 

• Location-based and contextual data 

• Device and platform usage patterns 

 

This layer provides a complete picture of the consumer and allows to learn more about the 

preferences and behavioural patterns. (Wedel & Kannan, 2016). 

 

AI Processing Layer 

 

At this level, the data obtained is handled via Artificial Intelligence and Machine Learning 

algorithms. The key functions include: 

 

• Data cleaning and pre-processing 

• Pattern recognition and clustering 

• Customer segmentation (dynamic and real-time) 

• Predictive modelling using algorithms such as neural networks and decision trees 

 

Constant learning AI systems identify the incoming data and the pattern allows the model 

to adjust to the changing consumer behaviour. (Davenport et al., 2020). 
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Personalization Engine 

 

The personalization engine converts the results of analytics into tailored marketing activity. 

It provides customized experiences and content, including: 

 

• Product and service recommendations 

• Personalized email campaigns 

• Targeted advertisements 

• Dynamic website content and pricing strategies 

 

This element adds to the relevance and interest of consumers to the marketing messages, 

meaning that the marketing messages will match personal preferences (Bleier & 

Eisenbeiss, 2015). 

 

Behavioural Prediction Module 

 

A distinguishing feature of the proposed model is the integration of consumer psychology 

into predictive analytics. This module incorporates: 

 

• Cognitive factors (perception, attention) 

• Emotional drivers (trust, satisfaction) 

• Motivational aspects (needs, desires) 

• Social influences and peer behaviour 

 

When these variables are used in conjunction with AI outputs, it enhances more of the 

predictive results of consumers, such as purchase intention and brand loyalty. (Huang & 

Rust, 2021). 

 

Feedback and Learning Loop 

 

The last element is a constant feedback that improves the model performance with time. It 

operates through: 

 

• Monitoring user responses (clicks, conversions, time spent) 

• Updating algorithms based on new data 

• Refining predictions and personalization strategies 

 

This cyclic process allows making a system flexible and scalable, as well as making itself 

self-enhancing, which is highly necessary in dynamic digital contexts. 
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Model Integration and Flow 

 

The framework operates as a closed-loop system, where each layer is interconnected: 

 

• Data is collected from multiple sources 

• AI processes and analyses the data 

• Insights are used to personalize marketing efforts 

• Consumer responses are predicted and evaluated 

• Feedback is used to refine future interactions 

 

This kind of combination will assist the organizations to shift to proactive and predictive 

strategies rather than reactive marketing which will be beneficial to the decision-making 

process to a significant proportion. 

 

Key Contributions of the Model 

 

The proposed framework offers several advancements over existing models: 

 

• Integration of AI and behavioural theory for holistic prediction 

• Real-time personalization capabilities 

• Adaptive learning through continuous feedback 

• Improved accuracy in consumer behaviour prediction 

 

5. Discussion 

 

The radical role of AI-based personalization in digital marketing and consumer behaviour 

prediction is defined by the results of the present-day studies. The proposed model shows 

that with the help of the combination of Artificial Intelligence and behavioural insights, 

organizations can take into account the transitioning process between the previously inert 

and the traditional marketing strategies to more dynamic, adaptive, and predictive one. 

 

Among the findings is the fact that AI is a very powerful advancement in predicting 

consumer behaviour in terms of accuracy and efficiency. Using the algorithms of machine 

learning and real-time processing of data, marketers will be able to detect the patterns and 

predict the needs of customers with stronger precision. This is in line with previous studies 

that AI helps in decision-making since it transforms data, which is big in size, into 

actionable information (Davenport et al., 2020). Consequently, companies are able to 

provide very well-relevant content, and this fact directly affects consumer behaviour and 

intentions to buy. 
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Personalization as a strategic tool is also highlighted as an important one in the discussion. 

According to the framework, the concept of personalized marketing does not merely rely 

on customization but one of constant learning and adaptation. The dynamism of the AI-

based systems can ensure the personalization of the marketing messages in relation to the 

user interaction, resulting in enhanced customer satisfaction and brand relationships (Bleier 

and Eisenbeiss, 2015). This confirms the notion that personalization is a very important 

factor of competitive advantage in the digital markets. 

 

The other contribution of the suggested model is the combination of the consumer 

psychology and prediction analytics. This framework includes ideas such as cognitive, 

emotional and social influences on decision-making unlike many of the current models 

which only dwell on the technological capabilities. This interdisciplinary view gives a 

better insight into consumer behaviour, as it can be argued that technology is not the answer 

to understanding or predicting human behaviour (Huang and Rust, 2021). 

 

Nonetheless, the discussion also shows that there are a number of challenges and 

limitations related to the AI-based personalization. The biggest issue of concern is privacy 

of the data and individual ethics. The mass use of personal information eradicates the 

problem of consumer consent, data protection, and openness. Martin and Murphy (2017) 

emphasize that its failure to use the data properly can compromise the trust and result in 

the worsening of the brand image. It is the responsibility of the organizations to adopt data 

practices ethics and conform to the regulatory systems in order to retain consumer 

confidence. 

 

Besides, algorithmic bias and fairness issue should be considered. The output of AI systems 

depends on the quality of the data it was trained on and biased data will put up a false or 

discriminating answer. This provides an incentive to continually verify and certify AI 

models to enhance impartiality and inclusivity. 

 

In practice, the AI-based customization requires enormous investment in hardware and 

finances. SMEs may as well find problems with adopting such systems due to lack of 

resources. Despite these being the barriers, the long-term benefits are the efficiency of the 

marketing, greater rate of conversion and customer experience which is worth the 

expenditure. 

 

On the whole, the argument proves that the personalization of digital marketing through 

AI is shaping its future. The given framework offers an inclusive strategy that combines 

technological innovations and human-related insights. Although these issues are still 

present regarding the ethics, bias, and implementation, the strategic benefits associated 

with the use of AI render it a necessary instrument in the arsenal of every organization that 
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wants to stay competitive in a market environment that is becoming more and more data-

driven. 

 

6. Implications for Practice 

 

The Personalization Framework generated by the proposed AI-Driven is associated with a 

number of implications to marketers, businesses, and policymakers. This research can 

serve as a guide to proper implementation of AI in digital marketing through translation of 

theoretical knowledge into actual strategic tool to be adopted. 

 

Implications for Marketers 

 

To marketing professionals, personalization based on AI is the transition to data-driven 

strategy development when relying on intuition to make decisions. The AI tools can be 

used by marketers to: 

 

• Deliver real-time personalized content based on user behavior and preferences 

• Optimize customer journeys across multiple digital touchpoints 

• Improve campaign effectiveness through predictive targeting 

 

Given that behavioural insights can be integrated into AI systems, it enables the marketer 

to know more on customer motivation and thus creates meaningful engagements as well as 

an increase in conversion rates. (Bleier & Eisenbeiss, 2015). 

 

Implications for Businesses and Organizations 

 

To ensure the full potential of AI-driven personalization, the attention of organizations 

should be on the IT infrastructure and data capacity. Key actions include: 

 

• Formulation of effective data management systems to process consumer 

information on large scale. 

• Implementing machine learning on predictive analytics. 

• Application of AI solutions to the current Customer Relationship Management 

(CRM). 

 

Businesses that successfully implement AI-driven personalization can achieve: 

 

• Enhanced customer experience 

• Increased operational efficiency 

• Stronger competitive advantage (Davenport et al., 2020) 
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Nevertheless, the organizations should also make sure that the AI strategies correspond to 

the overall business goals and customer priorities. 

 

Implications for Customer Experience Management 

 

AI helps companies to provide hyper-personalized experiences, which are essential in the 

modern competitive digital environment. Companies can: 

 

• Provide tailored product recommendations 

• Customize website interfaces and content dynamically 

• Anticipate customer needs through predictive insights 

 

Such practices not only improve satisfaction but also foster long-term customer loyalty and 

retention (Huang & Rust, 2021). 

 

Ethical and Data Privacy Implications 

 

The use of AI in personalization raises significant ethical and privacy concerns. 

Organizations must: 

 

• Ensure transparent data collection practices 

• Obtain informed consumer consent 

• Comply with data protection regulations 

• Minimize risks of algorithmic bias 

 

This needs to be done in a way that builds trust because personal data may be abused to the 

detriment of a brand reputation and customer relationship. (Martin & Murphy, 2017). 

 

Implications for Policymakers and Regulators 

 

The key to the responsible application of AI in digital marketing is the role of policymakers. 

Key considerations include: 

 

• Establishing clear regulatory frameworks for AI and data usage 

• Promoting ethical AI standards 

• Encouraging transparency and accountability in algorithmic decision-making 

 

Proper control is used to make sure that technological innovations can help in business and 

consumers as well as reduce risks. 
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Strategic Implications 

 

From a strategic perspective, organizations should: 

 

• Adopt a customer-centric approach to AI implementation 

• Continuously update AI models through feedback and learning loops 

• Invest in employee training to enhance AI literacy 

 

When businesses align AI capabilities to strategic objectives, it will enable the businesses 

to build long-term competitiveness and create sustainable value in digital markets. 

 

7. Limitations and Future Research 

 

Even though the conceptual model of the AI-power personalization in online marketing in 

this paper is detailed, there are several weaknesses that must be acknowledged. These 

limitations can also be discussed and give relevant pointers that can be useful in the future 

studies. 

 

Limitations of the Study 

 

One of the primary areas of weakness is that the research is grounded in a conceptual 

approach toward the research which is not empirically proven. The given model is rigorous, 

but it is developed with the application of literature synthesis, as well as intertwining 

different theories, however, does not undergo testing using real life data. It is due to this 

that the model has not been empirically tested in its applicability and predictive capacity 

with regard to its practical utility. 

 

The other weakness is associated with the reliance on secondary data. Although the 

research is based on the academic and industry literature of high quality, it might not reflect 

such fast-changing trends and technological progress in AI and digital marketing in their 

entirety. 

 

Also, the model presupposes a comparatively high degree of the application of AI 

technologies in various organizations, which might not be representative of the reality. The 

SMEs (especially, small and medium ones) might be restricted in terms of financial funds 

available, technical skills, and presence of data infrastructure. 

 

The research also offers insufficient coverage to industry specific variations. There can be 

vast differences in consumer behaviour, and personalization strategies in various industries 



 

 

96 

Vol 15 Issue 1 

like those in retail, healthcare, finance and entertainment that is not explicitly covered by 

this framework. 

 

Lastly, despite mentioning the ethical aspects of data privacy, algorithmic bias, etc., the 

study does not provide an elaborate ethical implementation model, which is becoming 

crucial in the environment of AI usage. (Martin & Murphy, 2017). 

 

Directions for Future Research 

 

In order to turn the proposed framework into the actual research, the future study is to be 

devoted to the empirical validation of the proposed framework with the help of quantitative 

methods. Researchers are able to use statistical methods and machine learning models to 

introduce the correlations between AI-based personalization and the outcomes of consumer 

behaviour. 

 

It is also an opportunity to conduct industry-specific research to investigate how the 

strategies of AI personalization are different in various industries. This type of research 

would make the model more practical. 

 

The other significant field is the discussion of ethical AI systems. Further research is 

needed in ways to provide transparency, fairness, and accountability when using AI-driven 

marketing systems, especially on the issues of data privacy and algorithmic decision-

making. 

 

Moreover, researchers can examine the role of emerging technologies, such as: 

 

• Explainable AI (XAI) 

• Generative AI 

• Internet of Things (IoT) integration 

 

The technologies can be used to achieve additional personalization and prediction 

accuracy. 

 

It is also suggested that longitudinal studies are needed to examine variability of consumer 

behavior with time, especially when it comes to changing AI capacity and digital 

conditions. 

 

Lastly, any future study can be made cross-cultural in order to comprehend the difference 

in the effects of personalization in different geographical and cultural settings. 
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Conclusion 

 

Artificial Intelligence (AI) has become a revolution in digital marketing and it has 

significantly transformed the organization in the way it understands, engages and 

influences consumers. This paper has discussed the value of AI based personalization in 

consumer behaviour prediction and suggested a detailed conceptual framework combining 

sophisticated analytics with behavioural and psychological understanding. 

 

The results underline the fact that the old marketing strategies do not suffice in a highly 

dynamic and high data digital world anymore. The AI-based personalization provides the 

organization with the opportunity to transform its reactive strategy into a proactive and 

predictive one and opens chances to adapt to consumer preferences and behavior in real-

time (Davenport et al., 2020; Huang and Rust, 2021). Using machine learning and 

predictive analytics, companies may offer highly personalized and relevant experiences, 

which will help them to boost customer satisfaction, engagement and brand loyalty. 

 

One of the strengths of this paper is that it incorporated consumer psychology and AI 

technologies, which is a critical gap in the current literature. The suggested framework 

shows that the integration of the technological strengths, and the cognitive, emotional, and 

social variables enables a more comprehensive and correct forecasting of the human 

behaviour. This combined model is superior to the sufficient in improving the efficiency 

of marketing yet it also provides superior insight into the complexity of consumer decision 

making. 

 

However, the study also displays the existence of key issues associated with AI-related 

personalization specifically, the data privacy issue, the question of ethics, and the problem 

of algorithmic biases (Martin and Murphy, 2017). The described issues justify the 

responsible AI implementation, carefulness, and adherence to the regulations to maintain 

consumer trust and sustainable utilization. 

 

In summary, personalization through AI is a digital marketing paradigm shift with 

significant potentialities of becoming innovative and gaining a competitive advantage. The 

presented model will also provide the researchers and practitioners who would wish to use 

the full potential of AI in consumer behavior and forecasts with a strategic framework. The 

advances in technology of AIs in future and the humanistic and moral standpoints will play 

a significant role in deciding the future of personalized marketing in the digital era. 
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